ML .NET

Przyktady zastosowania

Emilia Kopyta, 318063



A few things you can do with ML.NET 1.0 ...

Sentiment analysis

ﬁ Analyze the sentiment of customer reviews
using a binary classification algorithm.

Sentiment analysis sample >

qu Customer segmentation

Identify groups of customers with similar
profiles using a clustering algorithm.

Customer segmentation sample >

FD Spam detection
Flag text messages as spam using a binary

classification algorithm,

Spam detection sample >

0

™

Product recommendation

Recommend products based on purchase
history using a matrix factorization algorithm.

Product recommendation sample >

GitHub labeler

Suggest the GitHub label for new issues using
a multi-class classification algorithm,

GitHub labeler sample >

Image classification

Classify images (e.g. broccoli vs pizza) using a
TensorFlow deep learning algorithm,

Image classification sample >

I~ Price prediction

Predict taxi fares based on distance traveled
etc. using a regression algorithm.

Price prediction sample >

@ Fraud detection
Detect fraudulent credit card transactions

using a binary classification algorithm.

Fraud detection sample >

( | il Sales forecasting
Forecast future sales for products using a
regression algorithm,

Sales forecasting sample >
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https://learn.microsoft.com/pl-pl/dotnet/machine-learning/tutorials/?WT.mc_id=dotnet-35129-website

Klasyfikacja binarna

e Zaklasyfikowanie
obiektow do jedne;

z dwodch klas. . | Machine Learning
' Model

e \Wartosc parametru,
Ktory chcemy
orzewidziec jest
reprezentowana
przez typ logiczny.

NOT SPAM

Zrodto: Naukri



https://www.naukri.com/code360/library/binary-classification
https://www.naukri.com/code360/library/binary-classification

Analiza sentymentu
Zbior danych: Wikipedia Detox
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“Don’t block me im leaving delete my page..”

“Thanks so much Kevin, wyour input is so much appreciated.”
“Why are we referencing ‘et al’ in the info box.”

“lolz a spam filter hahaha there’s a billion ways..”
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https://meta.wikimedia.org/wiki/Research:Detox/Data_Release
https://github.com/dotnet/machinelearning-samples/tree/main/samples/csharp/getting-started/BinaryClassification_SentimentAnalysis
https://github.com/dotnet/machinelearning-samples/tree/main/samples/csharp/getting-started/BinaryClassification_SentimentAnalysis

WyniKi
Nicch ¢ oznacza wybrang klase (etykicte) ze zbioru wszystkich klas C. War-

tosci TP.., FP. oraz FN. zliczaja przypadki wzgledem tej klasy (traktujac c
jako klasc ,pozytywng”).
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https://www.linkedin.com/pulse/understanding-sigmoid-function-logistic-regression-piduguralla
https://www.linkedin.com/pulse/understanding-sigmoid-function-logistic-regression-piduguralla

Analiza skupien (klasteryzacja)

e Grupowanie zbioru

obiektéw w taki sposéb, aby 6 —noina] unclustered date 6 Gustered data
obiekty w tej samej grupie 5| - -
oyty bardziej do siebie af
nodobne niz do obiektow w 3}
innych grupach. s oaf
|
e Nie znamy odpowiedzi dla of
danych z przesztosci (w -1
przeciwienstwie do 2l e ]
klasyfikacji wieloklasowej). ) " Srédio: Encord



https://encord.com/blog/data-clustering-intro-methods-applications/
https://encord.com/blog/data-clustering-intro-methods-applications/

Klasteryzacja irysow
Zbior danych: Iris Dataset

#Label Sepal length Sepal width P
0 5.1 3.5 1
0 4. 3.0 1
0 4.7 3.2 1
0 4.6 3.1 1
0 5.0 3.6 1
0 5.4 3.9 1
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https://github.com/dotnet/machinelearning-samples/tree/main/samples/csharp/getting-started/Clustering_Iris
https://github.com/dotnet/machinelearning-samples/tree/main/samples/csharp/getting-started/Clustering_Iris

1.0+
Choose Initial Centroids osl: 2
Centroids are randomly Ll ik x
chosen from the data points. o
These represent the initial 0.4}
cluster centers.
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https://www.geeksforgeeks.org/machine-learning/k-means-clustering-introduction/
https://www.geeksforgeeks.org/machine-learning/k-means-clustering-introduction/

Update Centroids L0}
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https://www.geeksforgeeks.org/machine-learning/k-means-clustering-introduction/
https://www.geeksforgeeks.org/machine-learning/k-means-clustering-introduction/

Assign Points to Nearest
Centroid

Each pointis assigned to the
nearest centroid, forming
clusters

% Centroids X Cluster1

X Cluster 2 * Cluster 3

Zrodto: GeeksForGeeks



https://www.geeksforgeeks.org/machine-learning/k-means-clustering-introduction/
https://www.geeksforgeeks.org/machine-learning/k-means-clustering-introduction/

Repeat Until Convergence 10}«
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https://www.geeksforgeeks.org/machine-learning/k-means-clustering-introduction/
https://www.geeksforgeeks.org/machine-learning/k-means-clustering-introduction/

Dziekuje za uwage!




